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In this article, we present the results of the regression analysis of near-synonymous words
list and catalog. The purpose of the case study is allocation of the most objective variant by
modeling the grammatical interactions that make impact on updating of the considered words.
Determination of list and catalog as objective and independent lexical units is performed
within the system of distinctions and oppositions. By the probabilistic distribution, we allocate
two most frequent interactions. The comparison of average values does not reveal regularly all
aspects of the studied phenomenon (i.e. average values of models can be statistically identical).
Therefore, we compare the models with predictors PRE.MOD and GENITIVE MEAN with
the model without interactions to show distinction between them at the level of dispersion.
Hence, three statistical hypotheses are compared in pairs. The main says that dispersions
of three considered models are statistically equal and the alternative affirms that they are
different. Model assessment without interactions is a predictive logit of list. Coefficients
of logistic regression reflect the probability of changes within interactions. At the stage of
normalization, we apply the model of the binary choice Hosmer—Lemeshow. Based on the
obtained results we decide whether it is necessary further normalization or not. We define
also the presence/absence of correlated samples among the considered predictors by Irm
function, which determines reliability of the model and allows receiving confidential intervals
of coefficients. This approach reflects novelty of work and allows revealing the factors defining
the choice of one or another concept proceeding from objective semantic criteria. Interactions
are considered at four levels: academic, spoken, fiction and news. Results of research allow to
complete the content of the words list and catalog and to present their dynamics.

Keywords: computational linguistic, logistic regression, comparative analysis, semantics,
synonym, list, catalog.

1. Introduction

In order to define the place of our approach in the modern statistical research we
note the complexity in application of near-synonymous words that motivates research-
ers in the field of lexical semantics to focus their attention on this phenomenon. We pay
attention on varying degrees of loose synonymy with the aim to differentiate the words
list and catalog. Hence, we refer to G. A. Miller & G. Ch. Walter [Miller, Walter 1991] who
identify not only a significant conjunction in meaning between two words, but also some
contextual representation. This idea is supported by G. Leitner [Leitner 1993] in his work
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on the meaning of the words in the ‘real English’ and developed by S. Hunston adopting
corpus-based analyses of words within this problem [Hunston 2002]. Also, S.Th. Gries
and others exemplified corpora based on naturally-occurring language samples [Gries
2001: 4; Gibbs 2006; Geeraerts 2010].

Nowadays the widespread application of R tools and the development of corpus se-
mantics create a strong foundation in the study of near-synonymous words. Following
the corpora K. W. Church, W. Gale, P. Hanks, D. Hindle and R. Moon [Church et al. 1994]
study the synonyms ask for, request and demand. N. Levshina, D. Geeraerts and D. Speel-
man [Levshina et al. 2014] investigate the difference between the Dutch causative verbs
doen and laten, G. Gilquin [Gilquin 2003] analyzes verbs get and have, S. Th. Gries [Gries
2001] compares English adjectives ending in -ic or -ical. D. Glynn [Glynn 2010] quantifies
the similarity between hassle, bother and annoy. S. Phoocharoensil [Phoocharoensil 2010]
examines ask, beg, plead, request, and appeal, concentrating on their lexical, syntactic, and
stylistic information. S. Th. Gries and N. Otani [Gries, Otani 2010] test the near-synonyms
big, great and large in R.

Mostly they support the behavioral approach to gain round insights in the analysis of
semantic differences of near-synonymous words. In this case study, we will follow them
to a certain extent.

2. Background!

Firstly, we allocate criteria for synonyms. In the Modern Linguistics, we can differen-
tiate synonyms by collocation analysis, definition of context register (style), grammatical
pattern differentiation dialect usage referential analysis (connotations).

A glimpse at English dictionary definitions detects rather a few similarities in mean-
ing between list, catalog, register, schedule, nomenclature, roll and inventory. In fact, in
certain cases the definitions of these lexical items seem to be circular. Considering these
notions within a computational approach and frequencies extracted from COCA (Corpus
of Contemporary American English) reduces the collection to two most frequent samples.
Hence, the most accurately allocated opposition is list (55 111 occurrences in COCA) and
catalog (1813 occurrences in COCA)?.

Once we consider the definitions of list taken from several dictionaries [The New Col-
lins Thesaurus 1984; The New Shorter Oxford English Dictionary 1993; Collins English
Dictionary 1994; Random House Webster’s College Dictionary 1995; Longman Diction-
ary 2009] it becomes evident that register, schedule, nomenclature, inventory, roll almost
infallibly occur as one of the variations of list; at the same time catalog also has a strong
resemblance to list. Thus, we put a task to find out the main lines of these two concepts.

Firstly, we give their definitions below:

List [The Free Dictionary 2003-2018]

1. A series of names or other items written or printed together in a meaningful
grouping or sequence so as to constitute a record.

2. Computing a linearly ordered data structure.

3. A database containing an ordered array of items (names or topics).

! Based on: [Nosov 2016].
2 The examples are from Davies M.The Corpus of Contemporary American English (COCA):
425 million words, 1990 [Americancorpus.org S.a.].

454 Becmnux CII6I'Y. Ssvix u numepamypa. 2018. T. 15. Boin. 3



4.
5.

Item, point.
An alphabetical index of names and topics along with page numbers where they
are discussed.

Catalog [The Free Dictionary 2003-2018]

1.

6.
7.

A list or itemized display, as of titles, course offerings, or articles for exhibition or
sale, usually including descriptive information or illustrations, a publication, such
as a book or pamphlet, containing such a list or display.

An enumeration.

A card of the contents of a library or a group of libraries, arranged according to
any of various systems.

Any record.

A written work or composition that has been published (printed on pages bound
together).

A complete list of things; usually arranged systematically.

A series, as of names or words, printed or written down.

By comparison of these dictionary definitions:

1.

We note that the words list and catalog in modern English are poly-semantic (in
the analysis I take into consideration only nucleus dictionary definitions which
allow me to define their values in modern English; we do not consider obsolete
definitions or others used for special purposes).

We appreciate the componential structure containing rather similar integrated and
differential components. The Presence of integrated components in the structure
of concepts under consideration is reflected by five groups of semantic elements:
1) series, set, sequence, grouping, array;

2) things, names, numbers, items, members, words, topics, files, point;

3) data structure, database, record,

4) written, printed, imagined, ordered, contributed and stored;

5) computing, containing, listing.

These two near-synonymous words present difficulties in the semantic level. Our
aim is to define the most appropriate for its usage in the further investigations on natural
language. These units can be defined by distinctions and oppositions as well as by the
analysis of grammatical constructions. Thus, we seek to identify the factors that deter-
mine the choice between list and catalog by objective and semantic criteria. The analy-
sis is based on multiple logistic regression analysis developed in the program R, which
«seems to have become the de facto standard tool in many areas of linguistics especially
corpus based and computational studies» [Levshina 2015: 21]. In so doing we bring to
the focus the testing of the hypotheses below:

1.

The scope of the catalog is narrower than the list one;

2. Theuseof catalogis appropriate in more academic context whereas list is introduced

bl

in more universal way and equally represented in all mentioned registers;
The academic register like equally appropriate for both list and catalog;
List tends more than catalog to expanding semantics and not to narrowing;
List is more pre-modified than catalog;
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6. List is more post-modified than catalog in all mentioned registers;

7. Both list and catalog being self-determinate are not frequently represented within
genitive constructions;

8. List in genitive constructions favor less written registers (newspaper, fiction, and
academic).

For the analysis and verification of hypotheses considered above, we use the logit
model. In statistics, the logistic regression is a model used to predict the probability of
events adapting the data to the logistic curve. Usually predictive variables either numeric
or categorical can be used.

3. Statistical analysis of near-synonymous words list and catalog

For further analysis, we will use packages ‘effects’ and ‘logreg, which can be freely
downloaded from the online public platform CRAN [CRAN S.a.]. We activate them with
commands:

library (effects)
library (rms)

These libraries enable to use not only glm() function [Cross-validated 2017], but ac-
tivate Irm(), which allows us to present more clearly and accurately the results of the logit
regression.

Thus, we will consider three models, one with main effects and the others with PRE.
MOD and GENITIVE.MEAN interactions. The summaries of models are presented in
Table 1, which is modeled after the one in «Corpus methods for semantics: Quantitative
studies in polysemy and synonymy» [Levshina et al. 2014].

Table 1. Summary Statistics

Model
Summary statistics with main effects and with main effects
with main effects only GENITIVE.MEAN and POST.MOD
interaction interaction
Number of observations 1600 (of which 62 catalog and 1538 list)

Null deviance 524.64 (on 1599 df) 524.64 (on 1599 df) 524.64 (on 1599 df)
Residual deviance 486.29 (on 1592 df) | 482.44 (on 1589 df) | 474.72 (on 1589 df)
[AIC is 502.29] [AIC is 504.44] [AIC is 496.72]
Model chi-squared 38.35 (on 7 df) 42.20 (on 10 df) 49.92 (on 10 df)
p-value (chi-squared) p <0.0001 p < 0.0001 p < 0.0001
R-squared 0.085 0.093 0.110
C (area under ROC curve) 0.714 0.723 0.761

The null deviance fixes the difference between the intercept model and the input data,
and the deviance shows the difference between the fitted model and the input. That is to
say, if we have a small deviance the model fits better the input data. In Table 1 we see that
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the model with main effects and GENITIVE.MEAN interaction (RD 482.44) is better than
the model with main effects only (RD 486.29). However, the model with main effects and
POST.MOD interaction works much better (RD 474.72).

The degrees of freedom of the null deviance (sample size minus one) and the degrees
of freedom of the deviance (sample size minus one minus number of regressors) are ad-
ditional pieces of information that will be used in a log likelihood ratio test (LRT) that
tests whether the reduction of deviance when moving from the intercept only model to
the fitted model is significant or not (in other words, whether the difference between null
deviance and deviance is significant). The AIC: value is a corrected version of the deviance
that has the additional benefit that it can be compared across models (for the same data set
and response variable) with different numbers of predictors. Finally the Number of Fisher
scoring iterations: the section shows us how many iterations we need to converge upon
the reported estimates for intercept and slope.

From the Table 1, we can read that in the model with main effects only, the p-value
is less than 0.05 (p < 0.0001). This fact and associated Chi-square (38.35 with 7 degrees
of freedom) give proof that the model explains variation better than the intercept only
model, i. e. the model with no predictors at all. The simple proportion of success or correct
predictions in the model is 0.9650 while the baseline is at 0.96125. The calculation of this
baseline is simple: our intercept only model simply predicts all cases to have a probability
of success of 1538/1600 = 96 % (which is the overall proportion of success in the data set).
Since 96 % is more that 50 %, the intercept only model would, therefore (according to our
simple classification rule) always predict success, which would be a correct prediction in
96 % of the cases. Based on it we can state that simple classificatory success for our data
goes up from the baseline of 96 % for the intercept model to 99 % for the fitted model.

The estimate for the intercept is 3.0556, and appears to indicate that concept list with-
out predictors has an average logit of 3.0556 (corresponds to odds of 36 to 1 and a propor-
tion of 97 %).

The estimate for the intercept is 3.0556, which is the predictive logit [Minitab Inc.
2010] of list for the case with all the reference levels, that is, academic register, no pos-
sessive meaning, post-modification, no genitive meaning, pre-modification. In other
words, the positive value of the intercept means that the so-called failure response, i.e. the
variant catalog is less popular in the case of the academic register, no possessive meaning,
no post-modification, no genitive meaning, pre-modification. If we turn this logit into
odds and then in probability what we get are odds of 36 to 1 and a proportion of 97 %,
which is the predicted probability of list in the case of academic register, no possessive
meaning, no post-modification, no genitive meaning, pre-modification. According to the
significance test, it is different from a logit of zero (i. e. at odds of 1 to 1 and a proportion
of 50 %), hence the model is suitable.

The coeflicients of the logistic regression reflect the probability changes of the con-
cept according to the corresponding predictor. In any case that contains register = aca-
demic and that we want to switch from, to, say, register = fiction, the logit of list, and hence
its probability increases by 0.6855°. Whatever the other circumstances, there is always the
same effect of register = fiction.

3 When the logit goes up, the probability goes up as well and if the logit decreases so does the
probability [Speelman 2014].
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Then, it is possible to go from register = academic to register = news, and the logit in
this case, would increase by 1.2747, or if we switch from register = academic to register =
spoken, logit again increases, but this time by 2.3943. If there is a switch from PRE.MOD
= no to PRE.MOD = yes the logit goes up by 0.1757. In the case of POST.MOD = no to
POST.MOD = yes the logit goes down by -0.6892, and the same picture we observe in
the case of GENITIVE.MEANING = no to GENITIVE.MEANING = yes when the logit
reduce to —0.7600. Finally, the logit increases by 0.2572 if there is a switch from POSS.
MEAN =no to POSS.MEAN = yes. It might be interesting to note that the model assigned
the highest probability to list (99,4 %) in the case of register = spoken, POSS.MEANING =
no, GENITIVE.MEAN = no, POST.MOD = yes, PRE.MOD = yes*. Figure 1 (below) can
help us visualize the effects of all predictors according to this model.

PRE MOD REGISTR 1
| ‘ ‘ b s
1 ‘ L0.90
1 0.85
nlo yés ACIAD F|IC N E\INS SPIOK
GENITIVE MEAN POSS MEAN POST MOD
0.95- ‘ ‘ ‘ ‘
0.90]
0.851
ves no ves no ves no

Figure 1. Predicted probabilities of list

Testing to see whether all the predictors are significant revealed that they were, with
register being the most significant one and pre.mod the least significant of the five. When
compared to other predictors, pre.mod has a small effect size in terms of unexplained vari-
ation (LRT = 0.396).

Acting on the assumption that emerged after inspecting the data that there might
be some interaction between a register and genitive meaning, I decided to run a second
model, which would consider this interaction. Simply put, the interaction occurs when-
ever the effect of one predictor is conditioned by another predictor. It was expected that
genitive meaning would mostly favor list in the academic register.

First, we can look at the frequency table of the register by genitive meaning by the
variant in Figure 2. What we can see is that there are more observations of list than catalog
in the data. List is popular across all registers. It seems that compared to catalog genitive

4 Regarding the confidence interval around the estimates, there is 95 % confidence about intercept log-
it being between 0.8928548 and 0.9656735; REGISTR = FIC between 0.9382686 and 0.9838080; REGISTR
= NEWS between 0.9616903 and 0.9917038; REGISTR = SPOK between 0.9819396 and 0.9980730; POSS.
MEAN = no between 0.8392593 and 0.9640849; PRE.MOD = yes between 0.8793471 and 0.9576874; POST.
MOD = yes between 0.8928548 and 0.9656735; GENITIVE.MEAN = no between 0.9360397 and 0.9865293.

458 Becmmnux CII6TY. f3vix u numepamypa. 2018. T. 15. Boin. 3



meaning favors it more. The question is whether the distance is considerable or marginal
[Speelman 2014]. However, since this is just a frequency table that takes into account
register and genitive meaning and not the other predictors, i. e. post.mod, which was also
proven to have an influence, it is not very good at telling us where the effect comes from,
which the model with interaction and all the other predictors should be able to.

VARIANT ~ REGISTER + GENITIVE MEANING
ACAD FIC NEWS SPOK
catalo, list catalog list catalog list catalog list
| |

yes

no

Figure 2. Mosaic frequency plot of register + genitive meaning

What can be read in the summary statistics Table 1 (above) is that the model with
interaction is significant (p-value < 0.0001). The estimate for the intercept is 2.9684, which
again is the predictive logit for the case with all the reference levels, academic register, no
possessive meaning, no post-modification, no genitive meaning, pre-modification. The
test to see whether the interaction was significant showed that it was not, with p-value <
0.0001. The amount of unexplained variation in the model with all predictors including
the interaction is slightly bigger (AIC is 504.44) than in the model without interaction
(AIC is 502.29).

The results of logistic regression showed here that no genitive meaning is appropriate
to list throughout the registers, but mostly in spoken register (84 %) a bit less, but still con-
siderable in fiction register (79,8 %), and finally, in news (75,8 %) and academic register
(54,5 %), respectively.

The post.mod predictor is also significant, 3.37e-10 ***, in fact, much more so than
the previous interaction (7.62e-08 ***). However, since dropping the interaction from the
model would lead to the significant increase of unexplained variation, it was decided to
keep the previous one in the model. All indexes (AIC is 496.72; R squared = 0.110; C (area
under ROC curve) = 0.761) showed that this model works best.

In the mosaic plot, we see that list is more post-modified than the catalog in all the
registers.

After the analysis with post-modification interaction, we can conclude that in sup-
port of the data presented in Table 1 post-modification is appropriate to list throughout all
the registers, except spoken one (58,2 % of no post-modification cases). Mostly this effect
is observed in the academic register (66 %), in the register of fiction, there are only 49 %
instances of list with post-modification, while in news it is 60 %.
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VARIANT ~ REGISTER + POST-MODIFICATION
ACAD FIC NEWS SPOK
catalo, list catalog list catalog list catalog list

yes

no

Figure 3. Mosaic frequency plot of register and post-modification

Further, we perform the Hosmer-Lemeshow goodness of fit test. [Shah, Barnwell
2003; Hosmer, Lemeshow 1989].

A significant result in that test would indicate a significant lack of fit. We do not ob-
tain a significant lack of fit here (p = 0.05970231), but the rather low p-value does indicate
that the fit is a bit far from good.

Another thing that should be tested routinely is whether there are no correlation pat-
terns among the predictors that are so outspoken that this makes the model less reliable.
We test it running on the Irm model without interactions. Thus we get the confidence
intervals of calculated coefficients. See Table 2.

Table 2. Coeficients of ‘Odds Ratio’ via Function exp(coef(d.glm)

REGISTR = | REGISTR = | REGISTR = | POSS.MEAN = | PRE.MOD = | POST.MOD = GENITIVE.
FIC NEWS SPOK no yes no MEAN = no
1.311409 1.203975 1.117437 1.140100 1.126551 1.096815 1.114420

In the results, we do not have values higher than four that means we should not re-
move any variable from the model and test it again.

And last but not least, considering the odds are 36 (i. e. 36 to 1) at the slope of inter-
cept we request the 95 % confidence intervals for the estimates as follows. See Table 3.

Table 3. Confidence Intervals for Model Parameters via Function confint(d.glm)

Model Parameters 2.5% 97.5%
(Intercept) 2.08945336 4.12170716
REGISTRFIC 0.06184795 1.32701710
REGISTRNEWS 0.54906435 2.07802479
REGISTRSPOK 1.42015910 3.63509215
POSS.MEAN = no -0.47672834 0.92817534
PRE.MOD = yes -0.37413155 0.72492486
POST.MOD = no -1.24227974 -0.14884359
GENITIVE.MEAN = no -1.58105048 -0.03975219
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4. Results

The aim of this case study was to find the most appropriate between list and catalog to
use in the further investigations. We consider them as near-synonymous words seeking to
identify some of the factors that determine our choice.

Realization of this purpose demanded to solve the following problems:

1) to present semantic classification of these nouns which are used in the form of
plural;

2) to reveal the semantic conditions promoting a specification of list and catalog
and their use in the form of plural, having shown primacy of semantic factors in
relation to the formal;

3) to define a circle of contexts in which list and catalog are most often used;

4) to track interaction of semantic quantified POST.MOD and GENITIVE.MEAN
the factors reflecting the functioning of these words.

The method that we used for this purpose was multiple logistic regression analysis.
The focus of the investigation was on the identification of the contents and dynamics of
the concept verbalized by list and catalog across four registers of the language (academic,
spoken, fiction, newspaper), the semantic features of possessive meaning, genitive mean-
ing, plural modification, post-modification, and pre-modification.

5. Conclusions

1. The investigation showed that the semantic field of catalog is much narrower than
those of list.

2. We find catalog mostly in specialized, professional and academic contexts where-
as list is inherent for a freer contextual environment of a spoken language. In spite of the
fact that the percent of use of list at spoken register is rather high (11 181 occurrences),
the newspaper register (17 812 occurrences) remains still the most peculiar for it. Hence,
the hypothesis that the word list is inherent for freer contextual environment of a spoken
language came true partly.

3. Inthe dataset of 1600 observations, there are 281 cases of POSS.MEAN = yes and
1319 cases of POSS.MEAN = no. It should be recognized that the present case study did
not look at the possessive meaning, which could have certainly added another dimension
to the investigation of differences between list and catalog. Furthermore, it might be the
case that some more fine-grained distinctions emerge from a much larger dataset. There-
fore, it would not be wrong to take this case study as a stepping-stone towards a more
comprehensive research.

4. 'There are only six cases of plural modification in a random sample taken from the
corpus COCA that allows concluding that the plural form with resumptive and separa-
tive semantic features is marginally represented or mostly omitted within list and catalog.
The assumption that [ist is not frequently represented within genitive meaning could be
said to be confirmed in the dataset if we consider its distribution in the academic register
compared to the other registers, especially spoken (84 % no genitive meaning). However,
it can also be contended that it is indeed a more general word than catalog bearing in mind
its overall frequency across the registers of the English language. Another assumption that
genitive constructions favor written registers seems also to be borne out. This does not
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come as a surprise since even some dictionaries, most notably, the “New Shorter Oxford
English Dictionary...” [The New Shorter Oxford English Dictionary 1993] draw the users’
attention to this reading of the word as usually accompanied by genitive constructions.
However, taking it a step further and observing the semantics of the word from the per-
spective of the conceptual metaphor theory, it was possible to adopt a broader take on this
particular meaning of list.

5. Pre-modification seems to be irrelevant with 868 cases of PRE.MOD = yes and
732 cases of PRE.MOD = no.

6. Post-modification of a lexical item might come in different forms, but in this case
study, its general manifestation was taken into account. The prediction that post-modifi-
cation favors [ist in all the registers and mostly in academic was confirmed in my dataset.
Additionally taking the interaction between register and post-modification into consider-
ation revealed that even though post-modification can be expected after [ist in all registers,
this most frequently happens to be the case in academic English, which is excellent since
pre-modifiers and post-modifiers are expected to be “rare in conversation, and very com-
mon in informational writing” [Longman Grammar 1999]. Finally, the lowest realization
of list is indeed in the register of spoken English right after the register of fiction English.

Based on the obtained results within statistical analysis, it is possible to draw a con-
clusion that the concept of list favors the application in further research.
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CrarucTiyeckuil aHamms OMM3KNX 10 3HaYeHMIo cIoB list u catalog B mporpamme R

Ina uuruposanusa: Nosov A. V. Statistical analysis of near-synonymous words list and catalog in R
/] Becthuk CankT-Iletepbyprckoro yHusepcutera. S3pik u nureparypa. 2018. T. 15. Bpm. 3. C.453-
464. https://doi.org/10.21638/spbu09.2018.310

464

B nmaHHOIT cTaThbe IPUBOJATCSA Pe3y/IbTaThl PerPECCUOHHOTO aHa/IN3a ABYX OMM3KMX 110 3Ha-
4yeHMIo c7I0B list v catalog. Ienblo aHanmsa siB/IseTCs BbIe/eHNe Hanboee 00 beKTUBHOTO Ba-
PpUaHTa Ha OCHOBE MOJIEIMPOBAHNA I'PAMMATUYECKX MHTEPAKIVIL, OKa3bIBAIOMINX BIVAHIE
Ha aKTyalM3alio pacCMaTpUBaeMbIX ClOB B A3bike. Onpepenenne list u catalog B KauecTBe
00BEKTVBHBIX U HE3aBUCUMBIX JIEKCUYECKIUX eAMHNL] OCYIIECTB/IIETCA B CUCTEMe Pas/Iiymil
U IPOTUBOINOCTaBAeHMI. Ha HavyajbHOM 3Tame COITTaCHO BEPOATHOCTHOMY pacIpeferne-
HUIO BBIICJIAIOTCA IBA HanbojIee YaCTOTHDIX TUIIA MHTEPAKLMII TP yIOTpeOIeHu CoB list
u catalog. 3arem mopenu ¢ npepukropamyu PRE.MOD n GENITIVE.MEAN conoctaBnsioT-
cA ¢ MOJie/BI0 6e3 MHTepaKIMii, 4YTO MPOAVMKTOBAHO HEOOXOMVIMOCTDIO ITOKA3aTh pasimdue
MeXJy MOJelAMM Ha ypOBHe AMCIepCUH, TaK KaK COMOCTaB/IeHMe CPeJHNUX 3HaYeHUI He
BCer/ja BBIAB/ISIET BCe ACIEKTDbl M3y4aeMOro sABIeHNs (Cp.: CpefHIe 3HaUeHNs MOJe/ell Mo-
TYT OBITb CTaTUCTUYECKM OMHAKOBBIMIU). TakuM 006pa3oM, TpM CTATUCTUYECKMe TUIIOTe3b
CONOCTaBNAITCA nonapHo. OCHOBHasA, HyneBasd IMIIOTe3a COCTOUT B TOM, ITO JVUCHEPCUN
TPeX pacCMaTPMBAEMbIX MOJIEIEN CTaTUCTUIECKY OIMHAKOBDI, U a/IbTEPHATUBHAA — B TOM,
YTO 3T AVCIIEPCUY CTATUCTUYECKY pasmnyHbl. OlleHKa Mofen 6e3 MHTePAKIVil ABIACTCA
IIpefcKa3aTe/IbHbIM JTIOTUTOM list [/Is1 BBIIIeyKa3aHHBIX ypoBHelt oTcyeTa. KoadduimeHTs!
TIOTMCTUYECKON perpeccuy OTpaskaloT BepOATHOCTb M3MEHEHMII IIPY B3aMMOJIEICTBIUM C TeM
WIY MHBIM IIpefuKkTopoM. Ha sTane HopManmsanum IpuMeHACTCS MOAeIb OMHAPHOTO BbI-
6opa XocMmepa—JleMemioy, IO pe3y/nbraTaM NPYMEHEHNA KOTOPOIl IPMHUMAETCA pelleHue
0 He0OXOIVMOCTY BEIPABHUBAHNA ITOTyYeHHBIX Pe3Y/IbTaTOB MM ee OTCYTCTBMN. Takoke BbI-
ABJIACTCA MPUCYTCTBUE / OTCYTCTBUE 00Pa3IioB KOPPEIALUI CPefyi PACCMOTPEHHBIX IIpefi-
KTOPOB Ha OCHOBe PyHKIUM [111, 4TO OIpefiesieT Mepy HafeXXHOCTHU UCIIONb3YeMOI MOJeNN
U TI03BOJIAAET HOIYYUTD JOBEPUTEIbHbIE MHTEPBAIbl PACICTHBIX KO3 PuIeHToB. [JaHHbII
HOAXOf] OTpakaeT HOBU3HY pabOThI 1 IO3BOJIAET BHLABUTD (PaKTOPBI, OIIPefie/IAIolINe BLI6OP
TOTO VI MHOTO IIOHATHSA, MICXOAA U3 OObeKTUBHBIX CeMaHTIYeCKMX KpuTepues. VHTepak-
LIMM PacCMATPUBAIOTCA Ha 4 YPOBHAX: Hay4HbIV, INTEPATyPHbIN, HOBOCTHOM M PasroBOp-
HbIIL. VITOrM paboThl MO3BOJAIT NOIONTHUTD COfep>KaHue CoB list u catalog u BHIABUTD UX
IMHAMMKY.

Kniouesvie cnosa: KOpIryCHasA TMHTBUCTUKA, TOTUCTIIECKAA pETpeccus, CpaBHI/ITeHbeIi[ aHa-
Jin3, CEMaHTNKa, CMHOHUM, CNUCOK, Kamainoe.
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